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Section 1: My Current Ethical Position on AI
People are more than data points, probability scores, or patterns.  AI ethics matter because people matter. When AI has the potential to impact every aspect of a person’s life to make crucial decisions that can expand or limit their opportunities, access to care, finances, and freedom, then ethical safeguards and practices are essential.
When I began this course, I approached AI ethics as a checklist for technical accuracy and business optimization.  Viewing this through my dual lenses as a nurse and an advisory consultant has fundamentally shifted my perspective as I learned more about how our digital footprints are tracked, analyzed, and potentially exploited through secondary use.  I realized the immediate danger isn't just a flawed AI algorithm or lack of quality training data.  It’s much bigger, it's the quiet erosion of trust, human privacy, data sovereignty, and autonomy.  Without rigorous quality controls, strict data governance, and risk tiered human oversight, where high stakes, life altering decisions, require a human in the loop safeguard, while operational and administrative processes utilize continuous and automated drift monitoring, what looks like a system efficiency on paper or in theory can quickly become human exploitation in the real world.
Ethical AI must be defined by the principles, rules, governance, constraints, and operational frameworks that provide guidance and human oversight of how AI is developed, deployed, monitored, and managed.  These ethical guardrails are not designed to slow innovation; they are the operational prerequisites that allow an organization to safely scale AI without compromising patient trust or incurring institutional risk.  Leaders and end users must weigh the risks, potential harm, accountability, necessity, and cost before using or approving AI.
Practices that make AI responsible include prioritizing quality data, transparency, accountability, consent, and privacy.  Responsible AI use requires proactive identification of data quality, evaluation and monitoring for biases, understanding limitations, full auditability, and transparency in how AI makes decisions or is utilized.  To achieve this, organizations must establish a clear, auditable chain of human command rather than relying on vague definitions of responsibility.  Transparency, governance, and human oversight are foundational to critically reviewing AI and answering the ultimate question: not just can we use AI in this manner, but should we?
Practices that make AI use irresponsible include rushing AI training, blindly trusting data and outputs without human evaluation or critical review, hidden and covert mechanisms of action, and a lack of defined accountability for errors, drift, and oversight.  Irresponsible AI strips individuals of their rights through a lack of meaningful consent to opt in or out of AI use, data collection, and AI decision making.  

Section 2: Ethical Theory Foundation
While various ethical philosophies offer perspectives on technology, in our current state of rapid AI development and adoption, Deontology is the essential foundation for responsible AI in high-stakes environments.  The dominant mindset in technology development often prioritizes utilitarian optimization maximizing speed and efficiency for the majority, even if it creates acceptable margins of error that harm marginalized individuals.  Deontology provides a hard, nonnegotiable boundary against this.
Because Deontology focuses on defined principles, duties, rights, and rules, it is essential for creating robust safeguards, common standards, and maintaining accountability and trust.  This theory is uniquely suited for thinking about AI because it creates common definitions and frameworks that can be shared across organizations, countries, and products to ensure quality, consistency, and safe development.  Deontology upholds the absolute principle that human beings must always be treated as inherently valuable and never just a tool used to achieve a goal or a means to an end.
Deontology encourages leaders to ask rigorous, uncompromising questions before using or approving an AI system:
· Does this AI system treat the people it impacts with respect and dignity, or does it reduce them to depersonalized tools for optimization, profit, or convenience?  
· Does this tool exploit people or have the potential to make them vulnerable and at risk?  
· Are we sacrificing individual human rights in the pursuit of system efficiency?
To put this deontological theory into practice, I've translated its core duties into a concrete, actionable framework.  Deontology requires us to treat humans as inherently valuable, therefore the principles I’ve defined below aren't just flexible guidelines, but rather they're strict rules and boundaries designed to protect human rights.  The framework ensures that accountability, consent, and fairness are engineered into the system as part of the foundation.

Section 3: My Final Ethical AI Principles
Phase 1: Foundation and Data
1. The Principle of Transparent Disclosure and Explainability 
People must know when AI is involved in decisions that affect them.
Why it matters:
People deserve to understand when technology is shaping their opportunities, services, or treatment.  In high stakes environments, black-box algorithms erode trust.  Without transparency, individuals are left powerless to question how a system arrived at a conclusion that impacts their life.
What it would require in practice:
This requires clear, unavoidable disclosure whenever AI is engaged. Organizations must provide plain-language explanations of what the AI is doing, how it factored into a decision, and an easily accessible, transparent pathway to ask questions or request a qualified human review.
How we measure and monitor successful application of this principle:
· User comprehension scores (measured via brief surveys) regarding AI disclosures.
· Volume and frequency tracking of "Request Human Review" pathways.
· Resolution time for addressing user inquiries or grievances regarding algorithmic decisions.

2. The Principle of Privacy, Consent, and Data Sovereignty 
Responsible AI must operate strictly within the boundaries of transparent, easily accessible consent, demanding that data collection be actively justified, minimized, and secured against unauthorized expansion or secondary exploitation.
Why it matters:
Treating individuals with inherent dignity requires transparency.  AI systems often rely on large datasets to function, but without meaningful consent, privacy policies become loopholes for unauthorized surveillance and exploitation.  Excessive data collection creates business liabilities and threatens individual safety.  Gathering more information than is necessary invites regulatory exposure, data breaches, and mission creep.  Technology must serve people rather than extract value from them without their permission.
What it would require in practice:
Systems must ask for permission in plain language, allow users to have an easy opt-out, and treat privacy as a dynamic, ongoing process rather than a static agreement.  Organizations must enforce strict data minimization collecting only what is directly, needed and strictly prohibit third-party data sales. Operationally, revoking consent must immediately trigger an automated halt to data processing and initiate immediate data deletion.  Expanding any data collection capabilities must require explicit board level approval.
How we measure and monitor successful application of this principle:
· Consent opt-in/opt-out rates and time-to-deletion metrics following consent revocation.  
· Frequency of data minimization audits and the volume of automated data purges.  
· Formal audit trails of data access, secondary usage, and board-level approvals for new collection capabilities.

3. The Principle of Justified Necessity
Responsible AI requires critical evaluation before deployment to review safeguards, weigh risks, identify potential harms, and ensure equity.
Why it matters:
AI shouldn’t be used simply because it is available, powerful, efficient, or profitable.  AI acts at a vast scale, with speed, reach, and consequences that humans may not fully see until harm has already occurred.  A system that is unnecessary, poorly designed, or used in the wrong context can create preventable harm, especially for people with fewer resources or less power to challenge it.  This principle serves as a mandatory gatekeeper, forcing leaders to ask a critical question: just because we can build or use AI, doesn’t mean we should.  
What it would require in practice:
Organizations must conduct a rigorous ethical necessity review before deployment.  This must include a formal risk assessment, harm analysis, equity review, and a clear explanation of why AI is needed instead of a simpler or less invasive approach.  In high-stakes environments like healthcare, tools must be piloted in a sandboxed environment where their outputs run parallel to human clinicians to rigorously validate accuracy and safety without impacting on patient care.  
How we measure and monitor successful application of this principle:
· Completed ethical necessity reviews and formal signoffs by cross-functional stakeholders prior to launch.  
· Percentage of high-stakes AI tools successfully evaluated in a parallel clinical sandbox prior to live deployment.
· Documented risk and alternative-analysis reports defending the necessity of the AI system over non-AI methods.

Phase 2: Development and Safety
4. The Principle of Equity, Accessibility, and Fairness
Responsible AI must be actively engineered to eliminate bias, ensure diverse representation, and guarantee accessible utility for all users, regardless of background, socioeconomic status, or physical ability.
Why it matters:
Algorithms don’t naturally trend toward fairness; without strict oversight, they scale historical biases.  If a model is trained on nonrepresentative data, it will perform poorly or actively cause harm for underrepresented groups.  Deploying advanced technology that requires specialized skills or excludes individuals with disabilities compounds existing structural inequalities.  We have a categorical duty to ensure that systems shaping human outcomes don’t disproportionately punish marginalized populations or create new digital barriers.
What it would require in practice:
This requires rigorous, intentional dataset curation to ensure inclusive representation before a model is ever trained.  Development teams must conduct aggressive bias stress testing across different demographic groups to identify unequal error rates.  Once deployed, the system's interface must be inherently accessible, adhering to strict universal design standards so that no user is locked out of essential services or required to navigate poorly constructed workarounds.
How we measure and monitor successful application of this principle:
· Statistical variance in model error rates and false positives across differing demographic cohorts (ensuring equitable performance).
· Demographic parity audits of training datasets signed off by a governance committee prior to deployment.
· Accessibility compliance scores (e.g., WCAG 2.2 AA standards) for all end-user interfaces.

5. The Principle of Lifecycle Safety and Continuous Monitoring
Responsible AI is not a "deploy and forget" technology; it requires relentless, ongoing oversight to ensure it continues to operate safely and accurately in dynamic, real-world environments.
Why it matters:
Algorithms degrade over time.  A predictive forecasting tool or a clinical triage system might perform flawlessly during testing, but as real world data drifts, the system's outputs can silently become inaccurate or actively harmful.  Deontological ethics demand that the duty of care doesn’t end at launch. Failing to monitor a deployed system is an operational failure that exposes the organization to risk and the end-user to unmitigated harm.
What it would require in practice:
Organizations must implement continuous post deployment monitoring.  This involves setting strict performance baselines and deploying automated anomaly detection to flag when a system deviates from expected behavior.  There must be predefined "kill switches" immediate, automated pauses on data processing or decision-making if a system breaches safety thresholds until a human can investigate and retrain the model.
How we measure and monitor successful application of this principle:
· Frequency of scheduled model drift audits and continuous validation checks.
· Time-to-detection and time-to-resolution metrics for anomalous or degrading algorithmic outputs.
· The number of automated system pauses or "kill switch" activations triggered by safety threshold breaches.

Phase 3: Operations & Governance
6. The Principle of Accountability and Human Empowerment
Algorithms can't hold moral, ethical, or legal liability; only humans can.  Ultimate authority and accountability must always remain with an identified human command structure.
Why it matters:
When automated systems handle high-stakes decisions such as healthcare prior authorizations, resource allocation, or hiring delegating final authority to an AI algorithm disenfranchises people and diffuses responsibility.  Without a clear human owner, systems create a bureaucratic wall where end-users are left powerless to challenge incorrect decisions.  Meaningful governance requires that human agency is empowered, not replaced, by AI.
What it would require in practice:
Every deployed AI system must have an explicitly documented human owner who holds the ultimate legal and operational liability for its outcomes.  The organization must establish a frictionless, highly visible pathway for end-users to appeal an automated decision to a qualified human.  The human reviewer must have the absolute authority to override the AI system without facing operational penalties.
How we measure and monitor successful application of this principle:
· Documented organizational matrices clearly defining the human liability and ownership chain for every active model.
· Volume, frequency, and resolution times of user-initiated appeals against automated decisions.
· The percentage of algorithmic decisions actively overridden by human reviewers, ensuring the human-in-the-loop is not just a rubber stamp.

Section 4: Applying My Framework
What AI tool or situation are you analyzing? 
I am analyzing an AI-Driven Clinical Triage and Care Navigation System integrated within a health network’s patient portal and intake workflow. This multitiered AI tool utilizes conversational agents to interact directly with patients reporting symptoms, auto-categorize acuity, route care requests, and deliver predictive Clinical Decision Support (CDS) alerts to clinicians to guide diagnostic pathways and treatment plans.

Who uses it, and who is affected by it? 
Triage nurses, outpatient intake coordinators, and attending clinicians use the tool to monitor patient populations, review AI-generated risk scores, and assist in making medical decisions.
Patients are most profoundly affected.  Their clinical outcomes, safety, time to care, protected health information (PHI), equitable access to treatment, and trust in the health system are all directly shaped by the accuracy, fairness, and security of these automated decisions.
The four principles from my framework that apply to this scenario are:
· Principle 2. Privacy, Consent and Data Sovereignty: Patients must explicitly know when an AI agent is triaging their symptoms or reviewing their medical charts.  They must understand how their sensitive health data is secured and shared, and retain an absolute right to opt out of AI-driven navigation with an immediate, friction-free option for a human navigator.
· Principle 5: Lifecycle Safety and Continuous Monitoring: Because disease presentations, clinical guidelines, and patient demographics continuously evolve, an AI diagnostic and triage tool must undergo relentless post-deployment oversight.  It must be continuously monitored for performance drift, clinical degradation, and algorithmic bias long after initial deployment.
· Principle 6: Accountability and Human Empowerment: Algorithms can’t hold legal or clinical liability.  If a triage agent under categorizes an urgent symptom or a CDS tool recommends a flawed treatment path, there must be a clearly documented human chain of command to hold responsible, explain the error, and correct the outcome.  AI error is never an acceptable explanation to a patient.
· Principle 1: Transparent Disclosure and Explainability: Patients and providers deserve plain-language explanations of how the AI arrived at a specific triage recommendation or clinical alert, ensuring black-box algorithms don’t obscure clinical decision-making.
What would your framework require in this situation? 
My framework demands strict architectural boundaries and rigorous quality controls:
Engineered Boundaries: A hard, technical stop where administrative routing ends and clinical judgment begins, ensuring conversational agents never overstep into delivering unverified medical advice without clinician oversight.
Operational Safeguards: Continuous model drift monitoring, demographic bias stress testing across diverse patient populations, and a mandatory "human-in-the-loop" requirement with full authority to override AI outputs before any high-stakes treatment plan is finalized.
Patient Protections: Plain language disclosure prior to interaction, explicit consent protocols, and clear documentation in the electronic health record (EHR) identifying the specific human provider accountable for the ultimate medical decision.
Should AI use be approved, limited, piloted, revised, rejected, or retired? 
Recommendation: Limited and Piloted.
This suite of tools must not receive broad approval for full autonomous deployment.  While the administrative care-navigation components may be ready for a controlled pilot to improve patient access, the predictive diagnostic and clinical decision support functions must be strictly limited to a secondary, advisory role.  Autonomous clinical decision-making can’t be approved.
These tools must first be piloted in a sandboxed environment where AI outputs run parallel to human clinicians to rigorously validate accuracy, test for demographic bias, and ensure patient safety without impacting real world care.  Only after proving equitable performance across all patient populations, with enforced human oversight and override protocols actively in place, should broader clinical integration be considered.
Why these principles are useful in practice: 
These principles move ethics from an abstract philosophical concept to a measurable operational standard.  In a clinical setting, good intentions don’t prevent harm.  By demanding quantifiable safety metrics, clear human accountability, and strict consent protocols, this framework ensures that efficiency and system optimization never supersede human rights and patient safety.  As generative AI and AI agents are transforming clinical workflows, reinforcing strict governance and clinical safety standards are absolute foundational requirements for protecting patients and preventing harm.

Section 5: Final Reflection
How has my thinking about AI ethics changed since the beginning of the course?
At the start of this course, I approached AI ethics primarily as a set of philosophical ideals important, but somewhat abstract.  Through the process of drafting, stressing, and refining this framework, my perspective has fundamentally shifted.  I now view AI ethics not as a theoretical exercise, but as a rigid, operational standard of care.  Moving from a draft of aspirational concepts to a lean, six-pillar framework taught me that without quantifiable safety metrics, engineered boundaries, and enforcement mechanisms, ethical principles are just words without form.  I now understand that responsible AI is, at its core, a dedicated practice of risk governance.
Which part of my final framework feels most important?
The Principle of Justified Necessity stands out as the most critical component.  It serves as the ultimate ethical gatekeeper.  In a market rushing to implement automation, having a categorical mandate that forces stakeholders to pause and ask “just because we can deploy an AI tool here, does it actually mean we should” is our strongest defense against preventable harm.  Combined with the mandate for strict human accountability, this principle ensures that the pursuit of system optimization never supersedes human dignity and safety.
What is one AI ethics question or issue that I will continue thinking about after this course?
I will continue to struggle with the tension between predictive efficiency and the very real danger of automation bias.  As systems become increasingly adept at predictive forecasting, data analysis, and triage, the risk that the required "human in the loop" degrades into a mere rubber stamp grows significantly.  Figuring out how to design organizational workflows that actively encourage leaders to remain skeptical and curious while empowering them to confidently override an algorithm without facing operational penalties is a systemic challenge that I will continue to carry forward.
How might this framework help me evaluate or use AI differently at work or everyday life?
This framework provides a permanent, critical lens for every technology I interact with every day.  Professionally, whether I am leveraging AI to synthesize raw information into polished client deliverables, utilizing predictive algorithms to inform business strategy, or evaluating new clinical support workflows, I will no longer accept black box functionality or vague privacy policies.  I will demand plain language explainability and rigorous data minimization. 
Even in everyday life from utilizing everyday text generation software to following routine map navigation, I’m now very protective of my data sovereignty and acutely aware of how secondary data collection fuels these ecosystems.  This manifesto is not just a final academic checkpoint; it has become my operational baseline moving forward.

